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Abstract

The proliferation of artificial intelligence (AI) technologies, such
as ChatGPT, is revolutionizing society, significantly impacting
the economy, and reshaping how work is conducted. Effective
and prudent leadership is paramount for society to fully benefit
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from the responsible adoption of AI within organizations. To
this end, we employ the Congruence Model for Organizational
Change, which provides a comprehensive framework for effective
leadership to ensure that the integration of new technologies
yields societal benefits. Our model delineates three core goals for
responsible AI adoption: organizational well-being, societal well-
being, and ecological well-being. Within the framework of the
Congruence Model, we examine how four critical elements—task
engineering, informal organization, formal organization, and indi-
vidual empowerment—should be strategically aligned to achieve
these goals. This alignment ensures that AI adoption not only
enhances organizational performance but also contributes posi-
tively to society and the natural environment. Finally, implications
for future research and ethical leadership practices are discussed,
highlighting the need for continued exploration of the ethical
dimensions of AI and the development of leadership strategies
that support sustainable and responsible technology adoption.
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Introduction

The term “perfect storm” first emerged in 1847, depicting a fusion of global
events leading to an extraordinary outcome (Thackeray 1847). Today,
we once again find ourselves in a perfect storm, where three pivotal
events hold the power to profoundly shape society: the transformative
impact of artificial intelligence (AI) on how work is done, the escalating
demands for organizations to adopt a multistakeholder perspective, and
a pervasive leadership crisis marked by ethical breaches and scandals.
While perfect storms often imply negative outcomes, we propose a
framework for leaders to effectively navigate this perfect storm and
leverage AI for societal benefit.
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The first element of the perfect storm is AI itself. There is a consensus
that AI is a disruptive technology that significantly changes the way
work is done, requires new workplace competencies, and enhances
productivity (Makridakis 2017). On the other hand, AI may result in
job loss, threaten democracy, and even pose an existential threat to
humanity (Bentwich 2023; Kreps and Kriner 2023; Paraman and Anamalah
2023). One might weigh the relative advantages and disadvantages of
AI, but there is a notable lack of frameworks for ethical leadership to
guide leaders in maximizing benefits for organizations and society and
minimizing drawbacks.

The second element of the perfect storm is the increased adoption
by organizations of a multistakeholder approach. Rather than focus on
profits alone, many organizations now adopt a “balanced scorecard” that
incorporates a triple-bottom-line approach whereby metrics associated
with key stakeholders are identified, and resources are allocated to
reach goals associated with a greater diversity of stakeholders, including
employees, customers, investors, management, suppliers (Kaplan and
Norton 2001), and the natural environment. Society, a key stakeholder, has
heightened expectation that organizations give back to their communities,
respect employee rights, and act in a socially responsible manner (Han
2023; Koh, Li, and Tong 2023; Yi et al. 2023). International agreements and
codes of conduct such as the United Nations Global Compact (“Making
Global Goals, Local Businesses” n.d.), the Global Reporting Initiative,
and the SA8000 social accountability standards encourage responsible
business practices (Doh, Luthans, and Gaur 2024). The triple-bottom-
line also emphasizes that stakeholders are accountable for achieving
economic, societal, and environmental objectives (Mann, Byun, and
Ginder 2021; Wu et al. 2024).

The third element of the perfect storm is the lack of ethical leadership.
Several leaders have engaged in questionable, unethical, and even criminal
behavior in politics, business, healthcare, sports, education, or religion
(Johnson 2019). Organizational scandals and ethical leadership lapses are
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well documented (van Steenbergen, Jansen, and Ellemers 2023) and they
serve to erode trust in leaders and their organizations (Lee and Liu 2022).

The emergence of AI as a disruptive technology, the relentless pressure
to be competitive, and increased demand for social responsibility may
create a destructive perfect storm when coupled with poor leadership.
Ethical misconduct occurs when the opportunity, incentive, and ability
to rationalize one’s behavior coincide (Cheliatsidou et al. 2023; Cressey
1953). We, therefore, offer a roadmap to assist leaders in navigating
through the storm, ensuring that AI helps organizations meet societal
benefits.

Proper leadership and a framework are required to leverage AI to
achieve responsible outcomes. As organizations may be viewed as groups
of individuals, society can similarly be conceptualized as organizations
contributing to societal well-being. Institutions are central to structuring
societies, influencing daily life and social dynamics. They regulate indi-
vidual behavior, enhancing stability, and socialize individuals by trans-
mitting cultural norms and values (North 1990). Institutions like govern-
ments and corporations also manage resource distribution, impacting
economic structures and levels of prosperity. Furthermore, they drive
innovation and address societal challenges (Acemoglu and Robinson
2013). Thus, organizations are crucial in responsibly harnessing AI’s
advancements for societal benefit.

We provide a framework below that leverages ethical AI use to benefit
society. We propose employing the Congruence model (Ando 2023;
Nadler, Tushman, and Nadler. 1997). This model advocates a system
model of inputs (e.g., business, legal and society context), strategy (i.e.,
how the organization achieves its mission) and organizational outputs
relevant to society (e.g., employment, environmental protections). In
order to transform inputs into outputs using a chosen strategy, the
model outlines a transformation process whereby four elements must
be congruent to achieve desired outcomes: the task (e.g., process and
task reengineering), the informal organization (e.g., culture that supports
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adopting responsible AI), the formal organization (e.g., an incentive
system that rewards responsible AI adoption), and the individual (e.g.,
employees motivated and competent to use AI responsibly).

Effective congruence, or fit, among the four organizational components
results in favorable outcome performance that benefits society. Like most
systems models, the Congruence model includes a feedback loop. This
feedback is both informational and motivational: informational because
it highlights metrics that meet, exceed or come short of stated objectives
and motivational because, when delivered constructively, can encourage
higher performance (Narciss 1999). Performance against objectives drives
leadership action to self-correct or alter plans. The original Nadler &
Tushman (1980) model is adapted to responsible AI implementation and
described in detail below.

Figure 1: Responsible AI Adoption incorporating the triple-
bottom-line outcomes into Nadler and Tushman’s (1997)
Congruence Model
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The Organizational Framework of responsible AI
Implementation

Securing a Congruent Transformation
In the realm of organizational theory, the Congruence Model posits that
optimal performance is achieved when the key elements of an organiza-
tion— tasks, informal organization, formal organizational structures, and
individuals—are in congruence, not only among themselves but also with
the external input factors. For the purpose of implementing AI respon-
sibly while adhering to the triple-bottom-line —encompassing economic,
societal, and ecological sustainability— (Elkington and Rowlands 1999) it
is imperative that these elements align synergistically. The strategy must
articulate clear sustainability and ethical AI goals, which should guide
the tasks or activities undertaken. Individuals within the organization
must have the requisite skills and ethical understanding to carry out
these tasks, supported by an organizational culture (informal structure)
that values sustainability and ethical practices. The formal organizational
structures must be designed to enforce and facilitate these practices
through clear policies and governance mechanisms. Only through such
a holistic alignment can an organization hope to successfully implement
AI in a manner that is truly responsible and aligns organizational goals
with broader societal and environmental benefits. This approach not only
enhances the organization’s operational effectiveness but also ensures
compliance with evolving societal expectations and regulatory frame-
works concerning responsible AI implementation.

Congruence is the underlying leadership challenge so that the task,
informal organization, formal organization, and individuals within the
organization reinforce one another, ensuring that inputs are effectively
transformed into outcomes that benefit society and other stakeholders.
For example, let’s assume that leadership incorporates AI into important
processes (e.g., order fulfillment, staffing, manufacturing). There is a
higher probability that stated goals are met, assuming other factors are
equal (e.g., the economy) when all four elements are congruent. Assuming
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that AI is effectively designed into the task, the organization culture must
accept change and adopt the innovation (informal organization), the
organizational infrastructure such as total rewards must incentivize the
transition to AI (formal organization), and individuals (e.g., employees)
must have the required competencies and motivation to perform the tasks.

Consideration of External Factors
In the Congruence Model, inputs refer to factors external to the organi-
zation that impact managerial decision-making. To ensure the successful
implementation of responsible AI that achieves triple-bottom-line
outcomes (societal, environmental, and economic sustainability), the
input factors must be considered under the premise of an appropriate
transformation process. The external factors consist of several forces
that impact the organization, including legal compliance, customers,
competitors, and technological advances. AI advancements constitute
a significant disruptive technology that leaders must consider as they
formulate organization’s strategy. Organizations need to be proactive and
anticipate the changes to be prepared before they happen. For example,
the inevitable lagging regulation that often follows rapid technological
changes—in this case, regarding AI technology—should be incorporated
into the organization’s strategy. This ensures that when regulations are
introduced, the organization is ready. Organizations need to be proactive
and anticipate the changes to be prepared before they happen (Nadler
and Tushman 1990).

Technological Factors
Artificial intelligence is defined as the pinnacle of computational devel-
opments that mimic human intelligence to solve progressively complex
decision-making problems (Berente et al. 2021). While this technology
has been available for decades, recent advancements in processing power
and the availability of data have driven exponential progress in AI.

Generative AI technology has experienced dramatic advances and has
significantly improved both efficiency and effectiveness in the workplace.
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For instance, recent research by Dell’Acqua et al., (2023) reveals that
tools such as ChatGPT have increased employee performance by 43%.
Furthermore, a study by (Dohmke, Iansiti, and Richards 2023) demon-
strates that 30% of the code produced by AI tools such as GitHub Copilot
is now being successfully adopted and utilized by software developers,
showcasing its practical utility and impact.

Despite significant advancements in technology that have enhanced the
reliability of AI, concerns persist about potential biases in AI-generated
content and AI-automated tasks. These concerns underscore the urgent
call for the implementation of responsible AI practices. For example,
AI facial recognition technologies are known to exhibit biases that
compromise fairness and accuracy in society. For instance, these systems
often show lower accuracy in recognizing female faces compared to
male faces (Schwemmer et al. 2020). Moreover, they also display higher
error rates when identifying individuals from various ethnic minority
groups (Grother, Ngan, and Hanaoka 2019). Such disparities underscore
the critical biases embedded within AI training processes and algorithms,
stressing the urgent need for the development of more inclusive and
equitable AI technologies.

Assigning responsibilities to artificial agents with black-box archi-
tectures represents a significant ethical dilemma confronting society
(Carabantes 2020). Moreover, the use of black box algorithms further
underscores the necessity for increased transparency and enhanced
training for employees on the ethical deployment of AI. These concerns
have been raised due to the opaque nature and perceived unreliability of
these algorithms, coupled with ongoing worries about potential biases
in their applications (Durán and Jongsma 2021).

All in all, it is clear that the disruptive technological change has occurred
and is moving forward in an exponentially fast way. The responsible AI
adoption requires the organization to be mindful of potential harms and
biases in these systems and develop strategies to mitigate such harms.
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Legal Factors
In deploying AI, corporations must responsibly engage with moral
considerations and concurrently contemplate existing and forthcoming
legal frameworks. Globally, governments are formulating and enacting
legislation specifically tailored to development and use of AI technolo-
gies. For example, the EU Artificial Intelligence Act (EU AI Act) is
among the initial comprehensive regulations of AI, categorizing and
governing systems based on their risk levels and identifying certain
application-related risks as unacceptable, such as the use of emotion
recognition technology in the workplace (Blackman and Vasiliu-Feltes
2024). The legislative pace does not always keep up with the dynamics of
AI development of, necessitating that companies independently consider
societal, economic, and environmental sustainability concerns. Certain
aspects require particular attention, for example, a large portion of
generative AI models are trained on vast quantities of content and data
that may be subject to copyright (Kumayama et al. 2023). It is crucial
to consider the rights of third parties, as well as licensing conditions of
software codes, in the creation and use of these models (Samuelson 2023).

AI technology expands the arsenal available to cybercriminals for
cyberattacks. For example, cybercriminals can now generate malicious
codes more easily, deploy phishing more effectively, disseminate malware
and ransomware with greater efficiency, and compromise the data
integrity of AI systems through model poisoning (Blauth, Gstrein, and
Zwitter 2022; Velasco 2022). Companies should ensure that cyberse-
curity risks are adequately identified, measured, and managed during
the creation, training, and deployment of generative AI. Furthermore,
companies have a legal responsibility to ensure their systems are robust
against attacks and cannot be manipulated to produce false or harmful
outcomes. Should generative AI systems cause damage or raise legal
issues, it must be clear who is responsible and liable. Companies must
define responsibilities and make appropriate provisions for potential
liability risks (Barrett et al. 2023).
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Companies that create or use AI models based on training datasets
containing personal information, such as biometric data, may infringe
upon privacy rights under regulations such as the General Data Protection
Regulation in EU, the Consumer Privacy Act in California, and privacy
laws in other US states. Transparency, traceability, and consent are
crucial, ensuring that no confidential data is disclosed when processing
stakeholder information including customer, employee, and supplier data.

When using AI in the recruitment process, evaluating employee
performance and potential, and classifying customers, legal considerations
such as avoiding biases, including discrimination based on race or age,
and respecting individual rights are paramount. Impact assessments
should be conducted when AI systems are used in decision-making for
critical decisions in human resources and sales, ensuring transparency
to applicants, employees, and customers. An early legislative example
is New York City Local Law 144, the foremost regulation in the United
States governing AI and automated decision-making tools used for staff
recruitment and promotion processes (Wexler and Saifi 2023).

Overall, companies should ensure that the development and use of
AI systems are trustworthy, transparent, and accountable, proactively
ensuring to prevent harm to individuals and the environment.

Social Factors
In addressing the social aspects of AI and particularly generative AI
(gen-AI), companies must navigate complex considerations that impact
individuals, society, and the environment throughout the AI lifecycle.
In essence, companies must engage in ethical AI practices that prioritize
fairness, transparency, non-maleficence, and privacy for all stakeholders.
These principles guide the development and adoption of AI to ensure it
serves as a beneficial and equitable tool for all stakeholders.

The balanced scorecard (Kaplan and Norton 2001) should be considered
as it advocates that organizations first identify their major stakeholders,
develop meaningful metrics and goals for each stakeholder, and track
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goal progress using dashboards (Steingard, Balduccini, and Sinha 2023).
Organizations must include societal well-being of stakeholders such as
government and customers, human stakeholders such as employees, and
environmental stakeholders concerned with ecological sustainability.
Organizations should then allocate and balance resources to accomplish
multiple goals. Balance is a key and multiple goals often conflict. For
example, incorporating AI that automates tasks may satisfy shareholders
with increased profits and dividends but can lead to greater job insecurity
for employees.

The advent of generative AI introduces several social challenges for
corporations (“Building a responsible AI: How to manage the AI ethics
debate” n.d.; Reese, Nieland, and Herpers 2023; Tahaei et al. 2023; Trend,
Zhu, and Lu 2023). The implementation of AI can exacerbate dystopian
fears and job insecurity (Cheng, Chang, and Tai 2022). Automation
anxiety stems from the potential of AI to replace human roles, not only in
routine tasks but also in creative and decision-making processes, leading
to apprehensions about widespread unemployment and socio-economic
disruptions. Additionally, there may be psychological resistance to the
adoption of AI within the workforce. Employees might exhibit cognitive
dissonance when faced with AI systems that challenge their expertise and
autonomy, potentially leading to reduced job satisfaction and resistance to
technological adoption. The deployment of AI necessitates the navigation
of complex ethical landscapes (Lahiri Chavan and Schaffer 2023). Issues
such as the perpetuation of biases, the infringement of privacy, and the
dilution of human accountability can raise significant ethical concerns,
necessitating the development of comprehensive ethical guidelines and
training. Existing gaps in technological literacy can lead to a divide
between those who can effectively interact with AI and those who
cannot. This literacy gap requires companies to invest in upskilling and
reskilling programs to foster an inclusive environment where employees
can work alongside increasingly sophisticated AI systems (Jaiswal, Arun,
and Varma 2022; Malik et al. 2022).
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Ecological Factors
The ecological considerations of AI adoption encompass several key
dimensions relative to planetary boundaries (Kumar and Davenport 2023).
AI models, particularly those that require substantial computational
resources, can have a significant energy consumption. Sustainable energy
use is imperative to align with ecological sustainability. A balance might
be struck between the deployment of high-energy-consuming genAI
models and less resource-intensive alternatives that may rely more on
human input (“low technology”).

At the same time, AI can significantly enhance sustainability by
optimizing resource utilization and reducing waste. AI technologies
enable precision farming, improve predictive maintenance, optimize
energy consumption, and enhance waste management systems. AI also
optimizes logistics and supply chains, reducing emissions and energy
use. Additionally, AI-driven environmental monitoring provides critical
data for conservation efforts. These capabilities might collectively drive
progress towards a more sustainable future if used properly, supporting
the development of innovative solutions to complex ecological challenges
(Haleem et al. 2023).

Economic Factors
One of the significant benefits of generative AI is its potential to exponen-
tially enhance productivity (Furman and Seamans 2019). Artificial intel-
ligence is estimated to boost productivity by 1.5% annually over the next
decade (“Generative AI could raise global GDP by 7%,” 2023). Generative
AI has a wide range of applications in various business sectors. These
include enhancing customer interactions, creating innovative content for
marketing and sales purposes, and writing computer code in response to
natural language instructions, among numerous other tasks that gener-
ative AI will perform as a teammate to human workers (Harris-Watson
et al. 2023). It can be argued that contemporary enterprises are entering a
phase analogous to previous trends in manufacturing outsourcing, where
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tasks are increasingly delegated to artificial intelligence systems rather
than offshored to international locales.

The incorporation of AI within corporate settings can be a pivotal driver
of enhanced competitiveness, business growth, and the fostering of both
product and process innovations (Perifanis and Kitsios 2023). AI-driven
automation streamlines routine tasks, liberating human resources for
higher-value endeavors. Moreover, the data-rich interactions facilitated
by AI chatbots provide invaluable insights into consumer preferences and
emerging trends. Armed with this intelligence, companies can tailor their
strategies, fine-tune their offerings, and venture into untapped markets
with enhanced precision, thus fostering business expansion (Johnson
2019; Pantano and Pizzi 2020).

Enterprises have started using AI not only to find customer needs and
estimate the trends and patterns but also for new product development.
AI’s capability to synthesize multifaceted data and produce original
concepts is now being leveraged for the creation of novel product designs
(Cooper and McCausland 2024). A company that harnesses AI to speed up
its innovation process, thereby swiftly generating a multitude of product
ideas, can secure a substantial competitive edge against its rivals. This
fast innovation sounds very interesting, but it generates huge concern
about human biases being reinforced through AI-generated new product
ideas. Responsible leadership is required to create processes that mitigate
such biases.

Harnessing Resources

Resources are available assets used by organizations to implement
strategy, achieve goals, and produce outputs. Resources may be tangible
(e.g., capital, human resources, raw materials, processes) or intangible (e.g.,
reputation, intellectual capital). For example, Kodak’s early access to the
intellectual capital and technology required to transform from chemical
to digital photography was insufficient to compete in its marketplace.
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In contrast to FujiFilm, Kodak acquired such resources slowly over time,
but not before a significant loss of market share and profitability (Ho
and Chen 2018; Lucas and Goh 2009).

Acknowledging History as a Founding Influence

History refers to past events and decisions unique to a given organization.
History includes the founders, mergers, acquisitions, and macroeconomic
factors that, taken collectively, define the organization with respect to
mission, values, and objectives. For example, Patagonia, founded in 1973
by Yvon Chouinard, has a long-standing commitment to environmental
sustainability and ethical business practices. Patagonia’s history and its
founder’s values are deeply embedded in the company’s mission and
operations (“Company History” n.d.). Patagonia has integrated responsible
AI practices in alignment with its core values of sustainability and social
responsibility. The company uses AI to enhance its environmental efforts,
such as optimizing supply chain logistics to reduce carbon footprints
and improve resource efficiency (Henkel 2018; Salois 2022). Patagonia’s
approach to AI, grounded in its historical commitment to ethical practices,
serves as a model for integrating advanced technologies responsibly and
sustainably within an organization.

Responsible Alignment of the Organizational Design
Components

Strategical Guidelines
Strategic management is crucial for the responsible implementation of
AI within institutions. It involves defining clear goals and a vision for
responsible AI adoption, which guide the organization’s efforts and align
AI initiatives with broader objectives (Mintzberg 1994). These goals
include economic, societal (Beckmann, Hielscher, and Pies 2014), and
ecological outcomes (Martinez 2014). Prior research suggests that there is
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not always a tradeoff among these goals, and organizations may achieve
higher long-term value by pursuing these goals together by pushing the
frontiers of innovation (Beckmann, Hielscher, and Pies 2014; Porter and
Linde 1995). A thorough analysis of internal and external conditions is
necessary to understand the organization’s capabilities and the market
environment, providing a foundation for informed decision-making
(Grant 2021). In crafting a successful strategy, a foresighted leader must
capitalize on organizational strengths to exploit market opportunities and
minimize organizational weaknesses to curb external threats (Pickton
and Wright 1998). Exploring alternative strategies ensures that various
approaches to responsible AI integration are considered, allowing the
organization to choose the most suitable path (Porter 1980). Finally,
decisive action is required to implement the selected strategy effectively.

Responsible AI adoption requires adherence to ethical guidelines,
transparency, and accountability. Companies must create ethical guide-
lines to oversee AI development and usage, ensuring that AI systems
adhere to societal values and comply with state regulations (Floridi and
Cowls 2019). Transparency in AI processes builds trust among stake-
holders, while accountability mechanisms ensure that individuals and
teams are held responsible for AI outcomes (Jobin, Ienca, and Vayena
2019). Balancing the opportunities and risks of AI is a critical aspect of
strategic management. Strategic management must address these chal-
lenges by implementing robust risk assessment and mitigation strategies
(Whittlestone et al. 2019).

In the context of Nadler’s Congruence Model, strategic management
involves aligning the organization’s goals, resources, and operational
plans to achieve coherence and effectiveness (Nadler and Tushman 1980).
This alignment ensures that AI initiatives are integrated seamlessly into
the organizational fabric, enhancing overall performance and societal
impact. By following these strategic management practices, organizations
can navigate the complexities of AI implementation, ensuring that AI
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technologies are used responsibly and effectively to achieve sustainable
and ethical outcomes.

Shaping the Four Key Elements of the Organizational
Design

Task Engineering for Responsible AI Integration
As a subordinate element to strategy and mission definitions, task
engineering is one of the elements that organizations must redefine
for better internal alignment to achieve organizational, societal, and
ecological goals. For example, nonprofit and for-profit organizations are
motivated to minimize operating costs. One way to decrease costs is
to deploy AI technology to take over repetitive tasks. However, in an
AI-enabled organization, necessary tasks are reimagined to create more
value or reduce costs. It is imperative to tell the difference, as not every
cost reduction can be translated to value creation. In general, AI can be
used in two different fashions when it comes to reimagining tasks: job
replacement and job augmentation (Raisch and Krakowski 2021).

First, we talk about job automation. AI technology can be designed to
replace or perform tasks that humans traditionally do, such as repetitive
tasks or complex tasks that can be broken down into smaller tasks with
low uncertainty. In this substitution mindset, the organization aims to
streamline processes, reduce costs, and increase efficiency by entirely
delegating tasks to machines, computer systems, or AI in this context.
Companies that define their core competency in developing AI are at
the forefront of creating automation solutions. One example of this level
of technological automation is self-driving cars. This approach raises
serious concerns in aligning AI with human values (Han et al. 2022;
Rodriguez-Soto et al. 2022). In this discourse, a key question is how to
instill human values in AI algorithms, where academics and practitioners
still strive to find the answer (Han et al. 2022). Until then, companies
must exercise caution when completely delegating tasks to AI. However,
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AI can help most organizations do things differently and automate a
variety of tasks. Such technology is meant to replace only some human
tasks, which can be broken down into a repetition of smaller tasks. The
sales bots in the prospecting phase are an example. They can actively
synthesize coherent information about a product when a customer asks
questions. Companies traditionally employ a human sales force at entry-
level jobs to perform these activities. Such activities can now be delegated
to AI, given their simplicity and repetitive nature.

Job augmentation is when AI technology is employed to enhance and
support human workers in their tasks or even their learning (Wilkens
2020) rather than replacing human workers entirely. In this approach,
AI technology aims to improve productivity, efficiency, and quality of
work by providing tools and systems that complement human skills
and abilities. Most organizational tasks benefit from job augmentation.
Complex tasks involve many decision-making points, and, above all, a
great deal of responsibility should not be delegated to AI technology
for complete automation. For example, at the end of the sales funnel,
where the salesforce closes the deal, there is always a great deal of
human interaction involved with a need to effectively address customer
needs while taking responsibility for the actions on the seller’s part
(Paschen, Wilson, and Ferreira 2020). The nature of such tasks does
not align well with generative AI technologies. However, such tasks
are prime candidates for job augmentation, where AI provides market
insights, nuanced product knowledge upon request, and much more to
the salesperson to handle customer’s objections and close the deal.

Informal Organization for Responsible AI Integration
Research indicates that a significant number of digital transformations
are unsuccessful. One study shows that the critical element in these
transformations is not technology but human aspects and organizational
dynamics (Forth et al. 2020). Resistance to change, embedded in deep-
seated organizational behaviors, frequently acts as a substantial barrier
to successful implementation (Forth et al. 2020). The maxim “culture eats
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strategy for lunch,” often used in management literature, underscores
the paramount importance of culture. A company may have a strong
AI strategy, but without a supportive culture, the strategy is likely to
fail (Bley et al. 2022).

Research findings indicate that cultural factors pose one of the most
significant challenges in the adoption of innovations (Wang, Farag,
and Ahmad 2021) in general and artificial intelligence (Lee et al. 2023;
Mikalef and Gupta 2021) . Within the literature related to information
systems—a field that explores the deployment of information technologies
within organizational settings—ethical and legal constraints are identified
as paramount challenges. These include issues related to privacy and
regulations, biases, confidentiality, fairness, and security risks. Such
constraints are frequently highlighted as critical obstacles that need to
be addressed to facilitate the effective integration of AI technologies in
various organizational contexts (Lee et al. 2023).

In the context of organizational culture, especially as it pertains to
the implementation of responsible AI, several cultural elements must be
carefully nurtured. Organizations must foster agility and an innovative
culture to navigate through the fast-developing challenges and oppor-
tunities presented by AI and, specifically generative AI. A culture of
error tolerance that accepts errors and learns from mistakes is crucial
for innovation, particularly in AI, where experimentation is a key part of
development (Spataro 2023). Openness to change and technology enables
organizations to adapt more quickly and effectively. This includes a
willingness to discuss and address concerns regarding new technologies
such as AI and its implications. A culture that encourages open discus-
sion, including expressing concerns, is fundamental to addressing ethical
dilemmas and fostering a sense of ownership among all stakeholders.
Promoting team spirit and cross-departmental collaboration helps break
down silos and encourages the sharing of AI-related insights and best
practices (Aureli et al. 2024; Bley et al. 2022).



Responsible AI Implementation 19

Effective change management processes that actively involve
employees are essential for AI adoption. Encouraging employee engage-
ment helps to harness collective insights and ease the transition to new
AI-integrated workflows. A culture of continuous learning is essential
to keep pace with the rapidly evolving AI landscape (Bley et al. 2022).
This should include upskilling and reskilling opportunities to ensure
employees are prepared to work alongside and with AI technologies.
Leaders must promote a culture that prioritizes the responsible use of AI,
emphasizing accountability and ethical decision-making that considers
the well-being of the organization, society, and environment.

Failure to cultivate such a culture can lead to resistance to change,
skepticism of AI benefits, and psychological resistance, ultimately stifling
the potential of AI adoption. An organizational culture that balances
the psychological resistance to AI with ethical considerations and a
growth mindset is best positioned to capitalize on the opportunities
that AI presents. A culture resistant to change or skeptical of AI can
hinder adoption, limit the willingness of employees to engage with new
technologies, and ultimately stifle the potential benefits of AI.

Formal Organization for Responsible AI Integration
To implement AI responsibly, the formal organizational structure must
integrate AI governance roles clearly within its hierarchy. These roles
are critical in overseeing AI operations and ensuring ethical standards
are maintained across all AI initiatives. Senior AI ethics officers or
committees should be positioned high within the organization to reflect
the importance of ethical considerations in AI deployment. This structural
positioning enhances accountability and facilitates the escalation of
ethical issues

The development and formalization of AI-specific policies and proce-
dures are crucial for ensuring responsible AI adoption. This includes
establishing guidelines for data handling, model training, transparency,
and accountability practices. These policies must be formally documented
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and integrated into the organizational procedures to ensure every team
member involved with AI projects is aware of and complies with these
standards (Hagendorff 2020).

Incorporating standardized AI training programs within the formal
organizational structure is essential to ensure that all employees under-
stand AI technologies and their ethical implications. This training should
be mandated as part of the professional development tracks and should
cover both technical and ethical aspects of responsible AI adoption. This
approach not only builds AI literacy across the organization but also
reinforces the importance of responsible practices in AI implementation
(Charow et al. 2021).

Empowering Individuals for Responsible AI Integration
Involving employees from every level of the organization in the AI
adoption process is crucial. This inclusive approach not only empowers
staff but also ensures participation from diverse employee groups. By
incorporating a range of perspectives, organizations can address various
ethical concerns that might arise from different quarters. It’s essential
to recognize that reducing bias in AI isn’t just about diversifying data;
it also involves diversifying the teams responsible for AI adoption
strategy and even AI development. A more varied team composition
enhances the institution’s sensitivity to ethical issues, thereby fostering
the development of responsible AI.

Offering AI training to employees keeps them updated about the latest
advancements in this rapidly evolving field. Providing such training not
only reduces resistance to change but also creates an atmosphere where
employees are more likely to embrace and even drive organizational
change. Employees need to be aware of the outcomes of AI adoption
for the organization, society, and the ecology and should be empowered
to voice their concerns regarding the negative impacts of AI adoption
on these outcomes.
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Developing incentive programs, rewards, and recognition that support
employee education and the adoption and application of responsible AI
can cultivate an environment where organizational members are aligned
with the goal of integrating responsible AI. This approach also helps
to establish and reinforce a corporate culture that values and rewards
employee involvement with AI and responsible AI initiatives.

Responsible AI Integration: Triple-bottom-line
Outcomes

Societal Outcomes
Mitigating income inequality is a major economic advantage of AI
(Agrawal, Gans, and Goldfarb 2023). AI is especially more beneficial to
less experienced employees compared to more experienced experts and
can remove the quality gap between the two (Dell’Acqua et al. 2023).
For instance, if AI is employed to automate tasks performed by higher-
wage workers, such as doctors, it could potentially enhance the roles of
other medical professionals, thereby reducing wage disparities (Agrawal,
Gans, and Goldfarb 2023). Another example of how AI can help reduce
inequalities is by supporting people with disabilities in the workplace.
For example, Facebook created an algorithm using AI that generates
summaries of images for those with visual impairments (Mlot 2021). By
reducing the barriers that those with disabilities face, the workplace
can become more inclusive and equitable. However, the realization of
this potential is contingent on the design of the AI regulatory system.
If steered correctly, AI could be a powerful tool in the fight against
inequality (Agrawal, Gans, and Goldfarb 2023). Baum, (2020) stressed
that AI employed by organizations is not inherently ethical with respect
to human rights, treatment of employees, or societal impact. Instead, AI
designers must determine whose ethics AI is trained on, the data used,
and the algorithms used to combine the various inputs.
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Ecological Outcomes
AI can play a pivotal role in supporting ecological sustainability by
optimizing systems for efficiency, reducing waste, and identifying patterns
that contribute to resource conservation. Its application in energy grids,
material science, and precision agriculture exemplifies its potential to
synergize with ecological objectives. AI can be integrated within the
context of planetary boundaries, ensuring that its use does not exacerbate
ecological degradation. Technology should be developed and operated
within the safe operating space for humanity, respecting the Earth’s
biophysical limits. (Cowls et al. 2023) emphasized that organizations
must balance the gains (e.g., resource efficiency gains) with the costs
associated with AI research and use (e.g., energy consumption).

Additionally, by incorporating AI into the innovation and new product
development processes, companies can align their responsible AI initia-
tives with the goal of product stewardship. This approach extends beyond
merely preventing pollution; it entails designing products with negligible
environmental impact throughout their entire lifecycle, including the
production process, consumption process, and even after disposal (Hart
and Dowell 2011). Integrating ecological well-being into the organiza-
tional AI adoption strategy paves the way for new product development
toward product stewardship, which in long run enhances the economic
benefits for the organization as well (Porter and Linde 1995).

Organizational Goal Achievement
When properly implemented, AI can significantly enhance the achieve-
ment of organizational goals, including economic success, competitive-
ness, and efficiency. AI technologies contribute to increased profitability
by streamlining processes, reducing operational costs, and enhancing
product and service quality. For instance, AI applications in supply
chain management can predict market demand, optimize inventory, and
reduce waste, leading to substantial cost savings and improved economic
outcomes for businesses (Porter and Heppelmann 2014). AI’s role in
bolstering competitiveness and innovativeness is also well-documented.
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By integrating advanced analytics and machine learning, companies can
not only stay ahead of market trends but also foster innovation. This
adaptability is crucial in maintaining long-term business viability in
rapidly changing markets (Davenport and Ronanki 2018). Furthermore,
AI can assist in decision-making processes by providing comprehen-
sive analytics that improves accuracy and reduce human error, thereby
enhancing the overall performance of an organization. A study by Bughin
et al., (2017) found that companies adopting AI technologies reported
higher performance metrics across various departments, underscoring
the technology’s role in promoting a healthier economic environment
within organizations.

Conclusions & Implications

As AI tools become increasingly available and advance to higher levels
of efficiency and accuracy, it is crucial for organizational leaders to make
strategic decisions about adopting and incorporating these technologies
into their systems. Responsible AI is necessary to ensure that society’s
well-being and ecological sustainability are incorporated into strategic
decision-making along with the traditional organizational and economic
goals. If the triple-bottom-line is incorporated into the AI integration
strategies, responsible AI can be achieved, and these three outcomes can
synergize in the long run.

Expanding on the concept of the triple-bottom-line, organizations’
responsible deployment of AI can yield positive effects across various
domains. For instance, it can stimulate economic growth by boosting
employment rates, raising per capita income, and generating corporate
taxes for infrastructure enhancements. Moreover, it can enhance societal
well-being by fostering income equality through skills training, advo-
cating for employee rights, and mitigating discrimination. Additionally,
it can contribute to environmental preservation by lowering carbon
footprints, minimizing waste generation, and conserving energy (Pappas
et al. 2023).
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To achieve this strategic triple-bottom-line outcomes, this article
proposed the congruence model as a framework that can be used by
organizational leaders to achieve responsible AI adoption. The framework
recommends a cohesive and coordinated approach to designing the
four main elements of an organization: tasks, informal elements, formal
elements, and individuals. This integrated strategy ensures that all
components are harmoniously orchestrated to achieve triple-bottom-line
goals, thereby facilitating responsible AI integration. By adopting this
framework, organizational leaders can devise responsible AI strategies
that not only maximize economic outcomes but also enhance societal
and ecological goals.

Responsible AI prerequisites and antecedents are many. On an organi-
zational level, the congruence model necessitates a long-term leadership
perspective complete with oversight and accountability throughout the
organization, starting with the board of directors, and possible assign-
ment of a Chief AI Officer. Incentives to contribute to responsible AI
initiatives and results should be integrated into the total reward system,
including compensation, promotions, succession planning decisions,
and developmental action planning. On the societal level, governments
should provide incentives for organizations to pursue responsible AI
(e.g., tax incentives, cash grants, subsidies, and rebates). The government
can also pass legislation that promotes responsible AI and safeguard
implementation.

In summary, leaders are encouraged to establish formal processes that
promote the responsible use of AI, aligning with the triple-bottom-line:
organizational profit, societal benefit, and environmental sustainability.
In parallel, an informal culture that embraces change and encourages
feedback from organizational members should be nurtured. Furthermore,
task engineering should be meticulously executed to support both formal
and informal processes aimed at achieving triple bottom-line well-being.
Ultimately, organizational members must be empowered and motivated
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by leadership to not only embrace new technologies but also actively
participate in steering the organization toward responsible AI integration.

Exploring the effectiveness of the Congruence Model in ensuring
responsible AI integration across diverse organizational structures
presents a compelling avenue for future research. Investigating the
specific challenges and successes encountered when applying this model
across various industries could yield valuable insights into its practical
implementation and potential areas for refinement.

Examining how different leadership styles influence the successful
integration of AI in organizations striving for triple-bottom-line outcomes
is an area ripe for exploration. Identifying the key characteristics of
leaders who effectively navigate the ethical complexities associated with
AI could inform leadership development initiatives to foster responsible
AI implementation.

Understanding how organizations can cultivate a culture that supports
the ethical and responsible use of AI represents an important area for
future inquiry. Delving into the strategies and best practices employed
by organizations to instill such a culture could offer practical guidance
for fostering ethical AI adoption.

Exploring the potential of AI to promote environmental sustainability
presents an intriguing area for future research. Investigating how AI
can be leveraged more effectively to address environmental challenges,
along with the associated obstacles and opportunities, could inform the
development of innovative solutions for ecological management.

Examining the long-term societal changes associated with the
increasing proliferation of AI offers fertile ground for future inquiry.
Exploring how institutions can proactively respond to and shape these
societal changes arising from the widespread adoption of AI could inform
strategic planning and policy development efforts.

Investigating how cultural differences affect the perception and imple-
mentation of ethical AI in institutions represents a valuable area for
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future research. Exploring potential cultural variations in understanding
what constitutes responsible AI implementation could enhance our
understanding of the nuanced factors shaping ethical AI adoption across
different cultural contexts.
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